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1
SKETCH-BASED IMAGE SEARCH

BACKGROUND

With the increased prevalence of electronic imaging
devices and the Internet, billions of digital images have
become publically available and searchable online. Indexing
such a huge amount of data to enable users to quickly find
desired images is a massive and difficult task. For example,
many images are posted without an accurate description or
tagging, making it difficult to index such images using
typical keyword techniques. Consequently, when a user
desires to locate a complex image having particular features,
conventional text-based search engines that rely on short
text queries are often unable to locate desired images in a
timely and efficient manner.

Additionally, while sketch-based searching of image data-
bases has been intensively studied, little progress has been
made in developing practical large-scale sketch-based
search techniques. Attempts at constructing large-scale
sketch-based search system have been unsuccessful for
various reasons. For example, some proposed techniques
lack effective edge representation and have been unable to
quickly and accurately compare an input sketch with
indexed images. Other proposed techniques have been
unable to achieve a scalable index solution, resulting in
indexes of unmanageable size or complexity when applied
to many millions of images.

SUMMARY

This Summary is provided to introduce a selection of
concepts in a simplified form that are further described
below in the Detailed Description. This Summary is not
intended to identify key or essential features of the claimed
subject matter; nor is it to be used for determining or limiting
the scope of the claimed subject matter.

Some implementations herein provide techniques for
using a query curve as a search query to conduct a sketch-
based image search to accurately locate and retrieve images.
Further, some implementations provide indexing techniques
to efficiently index huge quantities of natural images to
facilitate a sketch-based search.

BRIEF DESCRIPTION OF THE DRAWINGS

The detailed description is set forth with reference to the
accompanying drawing figures. In the figures, the left-most
digit(s) of a reference number identifies the figure in which
the reference number first appears. The use of the same
reference numbers in different figures indicates similar or
identical items or features.

FIG. 1is a block diagram of a framework for sketch-based
searching according to some implementations.

FIGS. 2A-2C illustrate an example of a real-time inter-
active sketch-based search according to some implementa-
tions.

FIG. 3 is a flow diagram of an example process for
sketch-based searching according to some implementations.

FIG. 4 depicts an example of a distance map according to
some implementations.

FIG. 5 is a block diagram of a framework for sketch-based
searching according to some implementations.

FIG. 6 is a graph illustrating error rate and estimated
memory usage vs. image resolution.
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FIGS. 7A-7C illustrate an example of boundary detection
and salient curve identification according to some imple-
mentations.

FIG. 8 illustrates examples of binary maps for curve
portions having different orientations according to some
implementations.

FIG. 9 illustrates the effect of structure sensitive matching
according to some implementations.

FIG. 10 depicts an example of an index structure accord-
ing to some implementations.

FIG. 11 depicts an example of a user interface according
to some implementations.

FIG. 12 depicts an example of the user interface with text
input according to some implementations.

FIG. 13 depicts an example of the user interface with text
wheel input according to some implementations.

FIG. 14 depicts an example of the user interface with
color wheel input according to some implementations.

FIG. 15 is a flow diagram of an example of an indexing
process according to some implementations.

FIG. 16 is a flow diagram of an example process for
sketch-based, text-based and/or color-based searching
according to some implementations.

FIG. 17 is a block diagram of an example system for
sketch-based image search according to some implementa-
tions

FIG. 18 is a block diagram of an example server com-
puting device according to some implementations.

FIG. 19 is a block diagram of an example client comput-
ing device according to some implementations.

DETAILED DESCRIPTION

Sketch-Based Searching

The technologies described herein are generally directed
towards techniques for sketch-based searching of images.
Some implementations employ a salient curve discovery
scheme for detecting major or salient curves in natural
images to enable effective indexing and representation of the
images. Further, some implementations apply a raw curve-
based process to calculate a similarity between a query
sketch input and curve maps generated for natural images.
Further, a user interface may be provided to enable users to
flexibly formulate queries using any combination of sketch
inputs, text inputs and color selection inputs.

To index millions of images and to enable responding to
sketch-based queries in real time, some implementations
utilize a locality-sensitive curve-indexing framework that is
designed to take into account storage cost, image retrieval
accuracy, and computing efficiency. The indexing tech-
niques disclosed herein may be used to create a manageable
and searchable index encompassing millions of images. In
some implantations, the resolution of the images may be
reduced to an optimal resolution during identification of
salient curves in the images to provide a balance between
error rate and memory space. Consequently, implementa-
tions herein are able to provide a large-scale indexing
framework for query-by-sketch image search and a search
engine that enables matching of sketch queries with images.

Some implementations herein provide techniques for
sketch-based searching that is substantially faster and more
accurate than conventional techniques. In real-world cases,
the user’s search intention is often complex and can change
during the search. Accordingly, some implementations pro-
vide an interactive user interface to help users express their
intentions and find desired images in a step-by-step manner
by refining their sketch queries. The user interface may
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include a query panel or window which enables users to
compose a complex query, such as by drawing a sketch,
entering one or more keywords, and specifying a dominant
color. Furthermore, the prevalence of devices with touch
screen capability has made the human-computer interaction,
and sketching in particular, much easier than before.

Additionally, the availability of tags and text with many
web images can also be leveraged to improve the accuracy
of a sketch-based image search. In some implementations, a
text query can be used in conjunction with a sketch query to
bridge the semantic gap between the sketch query and a
natural image when the sketch itself is insufficient to
describe a user’s query intention. For example, if a user
draws a circle as his/her query to find the Moon, the system
may return images containing many circular objects, but not
necessarily the Moon. In this case, a text query submitted in
conjunction with the sketch query can assist in improving
the relevance of the search results. Additionally, some
implementations herein enable a color to be specified in
conjunction with the sketch query. For example, if a user
desires to locate an image of a flower of a particular color,
the user can specify the particular color as a color-based
query submitted in conjunction with the sketch-based query
and/or the text-based query.

Some implementations herein extract a representative
contour for a natural image, which may be used to match the
image with a query sketch. Accordingly, implementations
are able to efficiently and accurately match a query sketch
with a contour in a natural image. Users submitting a sketch
query rather than merely a text query have indicated that the
shape or contour structure of resulting images is a priority.
Thus, users expect the resulting images to closely match
their sketch input. Most conventional query-by-sketch tech-
niques have scalability issues because they do not have
index mechanisms to speed up the sketch-to-image match-
ing. Implementations herein include a salient curve identi-
fication approach to detect one or more salient curves to
represent an image. The salient curves of an image have the
potential to more closely match a users’ sketch input Imple-
mentations herein also provide a raw-curve-based algorithm
to calculate the similarity between a query sketch and a
natural image. This matching algorithm may be adapted for
the indexing strategy disclosed herein and optimized for
improving the user experience. To be scalable to millions of
images, a locality-sensitive curve indexing strategy may be
used that considers index size, retrieval precision, and
retrieval efficiency. Under this indexing scheme, an image is
represented by a set of visual-words. Each visual word may
represent a pixel, and may be expressed as a direction-
oriented point {x, y, 8}, which indicates that a curve passes
position {x, y} of an image from a direction 6. Thus, the 6
provides an orientation to the position {x, y} which reduces
the number of possible matches while increasing accuracy.

Implementations use the indexing and matching frame-
work disclosed herein to provide a real-time sketch-based
image search system. Further, in order to improve the
retrieval precision and the user search experience, imple-
mentations provide an interactive user-friendly interface,
which enables users to flexibly formulate and refine their
queries interactively. In addition to searching based on
sketch inputs, some implementations include searching
based on color or text inputs, which perform in a comple-
mentary manner, such as in the case in which some visual
elements or semantic meanings cannot be conveniently
presented by a sketch.
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Example Framework for Sketch-Based Search

FIG. 1 is a block diagram of an example of an interactive
sketch-based image search framework 100 according to
some implementations herein. The framework 100 is
capable of performing as a real-time sketch-based interac-
tive image search system for indexing and searching mil-
lions of images. The framework 100 may enable precise
matching between an input sketch query and one or more
images in an image source, such as a database, the Internet,
or the like. The framework 100 includes an offline or
indexing stage 102 and an online or search stage 104. The
indexing stage 102 includes one or more databases or
sources of images 106. For example, images 106 may be
obtained from any suitable source, such as by crawling
Internet websites, by downloading or uploading image data-
bases, by storing images from imaging devices to computer
storage media, and so forth. In some implementations,
images 106 may be millions or even billions of natural
images, photographs, or the like available on the World
Wide Web. The indexing stage 102 also includes an indexing
component 108 for generating an image index 110 of the
images 106. Image index 110 may be a sketch matching
image index for identifying one or more images based on a
query curve input. In some implementations, the indexing
component 108 identifies one or more major or salient
curves 112 in each of the images 106 and generates the
image index 110 based on these salient curves 112. For
example, each salient curve 112 may be expressed as a
collection or set of oriented points, and an inverted index
structure may be created based on the distinct oriented
points. The oriented points serve as index entries or visual
words that make up the index, and image identifiers are
associated with particular visual words based on whether
they have salient curves containing the particular visual
words.

The image index 110 generated during the indexing stage
102 may be made available for use by a search engine 114
during the search stage 104. The search engine 114 may
provide a user interface component 116 able to receive a
sketch input 118 submitted as a query. In the illustrated
implementation, user interface component 116 is provided
with search engine 114. For example, the user interface may
be presented as a webpage to a user in a web browser
window. In other implementations, the user interface com-
ponent 116 may be incorporated into a web browser or other
application on a user’s computer, may be an add-in or
upgrade to a web browser, etc. Search engine 114 also
includes a matching component 120 configured to receive
the sketch input 118 and carry out a matching and ranking
function for locating one or more images 106 that corre-
spond to the sketch input 118. In some implementations, the
matching component 120 uses at least a one-way database-
to-query matching scheme based on one or more curves
identified in the sketch input 118. Further, in other imple-
mentations, the matching component 120 may use a two-
way indexing-and-matching scheme or an approximate two-
way indexing-and-matching scheme that includes both
database-to-query matching and query-to-database match-
ing. The matching component 120 identifies one or more
images corresponding to the sketch input 118, and the user
interface component 116 outputs one or more of the iden-
tified images as results 122. The results 122 may be dis-
played or otherwise provided as feedback 124 in real-time to
the user. If the user is not satisfied with the results 122, the
user may interactively modify the sketch input 118 such as
by adding additional curves to the sketch, deleting or erasing
curves or portions of curves, or the like.
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FIGS. 2A-2C illustrate an example of the real-time inter-
active searching that may be executed using the framework
100 according to some implementations herein. As illus-
trated in FIG. 2A, a user may draw a first sketch 202 in a user
interface 204 as a sketch input 118 submitted to the frame-
work 100. The first sketch 202 is submitted and the frame-
work 100 may display a plurality of images 206 as feedback
of the results of the search. As illustrated in FIG. 2B, if the
images 206 returned in response to the first sketch 202 do
not satisfy the user’s search intention, the user may inter-
actively add one or more additional lines or curves and/or
delete some or all of the existing lines or curves. In the
illustrated example, the user adds a second sketch 208 in the
user interface 204, and the framework 100, in response,
returns a second plurality of images 210 based upon the first
sketch 202 and the second sketch 208 as the sketch input
query. If the second plurality of images 210 still does not
satisfy the user’s search intention, the user may add or delete
additional sketch lines to further refine the sketch input. As
illustrated in FIG. 2C, in this example, the user adds
additional sketch curves 212, 214, 216, and the framework
100 returns a third plurality of images 218 based upon sketch
curves 202, 208, 212, 214, and 216 as the sketch input
submitted as the query. Thus, from the foregoing example,
it may be seen that the user can interactively refine the
sketch input in real-time using the user interface to locate
one or more images that match a search intention.

FIG. 3 is a flow diagram of an example process 300 for
executing a sketch-based search according to some imple-
mentations herein. In the flow diagram, the operations are
summarized in individual blocks. The operations may be
performed in hardware, or as processor-executable instruc-
tions (software or firmware) that may be executed by one or
more processors. Further, the process 300 may, but need not
necessarily, be implemented using the framework 100 of
FIG. 1.

At block 302, the framework 100 generates a curve-based
image index for a plurality of images. For example, the
framework 100 may detect one or more major or salient
curves in each of the images and generate an index based on
the location and orientation of points contained in each of
the detected salient curves.

At block 304, the framework 100 receives a sketch as a
sketch query input. For example, a user may submit a sketch
as a sketch query input to a user interface provided by the
framework or provided by a web browser or other applica-
tion.

Atblock 306, the framework identifies one or more curves
in the sketch submitted as the sketch query input.

At block 308, the framework locates one or more images
having curves that correspond to the one more sketch curves.
For example, the framework may use the image index to
identify one or more images having salient curves with
oriented points that are similar to the oriented points of the
sketch curves submitted in the sketch query input. The
framework may further employ various ranking schemes, as
discussed further below for ranking the identified images.

At block 310, the located images are returned and dis-
played to the user as feedback. If the user is not be satisfied
with the results of the search, the user can further refine the
sketch interactively in real-time and the process returns to
block 304 to process the refined sketch as the query input.
The user may continue to interactively refine the sketch until
the desired results are achieved.

Matching Techniques

By employing implementations of the sketch-based image

search techniques disclosed herein, a user can simply sketch
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one or more strokes in a user interface to represent the
contours of an object or a scene, and the framework returns
one or more “matching” images to the user. The “matching”
images are identified based upon at least two conditions of
similarity to the sketch input, namely, similar shape and
similar position. Accordingly, it is desirable that the shape of
the object or scene in the resulting image resembles the
shape of the user’s sketch input. Furthermore, it is desirable
that the position of the matched object or scene in the
resulting image is located at a similar position as in the input
sketch.

The sketches herein may be represented by one or more
curves, and each curve may be broken down into a plurality
of adjacently positioned pixels. Similarly, the salient curves
identified for the images in the database may also be
represented by a plurality of adjacently positioned pixels. To
achieve similarity matching, many similarity measures may
be adopted for use by implementations herein. Some imple-
mentations herein utilize variations of a Chamfer Matching
technique which is described, for example, by J. Shotton, A.
Blake, and R. Cipolla in “Multiscale categorical object
recognition using contour fragments,” PAMI, 2008,
although other implementations herein may use alternative
matching techniques.

According to the Chamfer Matching technique, a set of
points D may be used to represent the curves of an image,
where the position of a point pe D is denoted by x,=(x,,, y,).
The basic Chamfer Distance from query sketch Q to a
database image D is given as follows:

. Lo W
Disigop = @qezgggguxq — %l

where Q| is the number of pixels of the query sketch
curves. Chamfer Matching may be used to find the nearest
pixel on a database image D for every pixel of the query
sketch. In order to reduce the complexity from O(1Q IxI D)
to O(1@ 1), a distance map of the database image D may be
constructed in advance during the offline or indexing stage
and stored by the framework so as to substitute storage cost
for online search processing time.

FIG. 4 illustrates an example of a curve or distance map
400 for a database image having an image curve 402. The
distance map 400 is illustrated as a plurality of squares 404,
in which each square 404 represents a pixel. The pixels that
make up the image curve 402 are given a value of zero, and
each pixel that is located some distance from the curve is
given a value corresponding to the pixel distance. For
example, a pixel that is one pixel away from the curve is
given a value of “1”, a pixel that is two pixels away from the
curve is given a value of “2”, and so forth. A sketch query
curve 406 may be overlaid on the distance map for deter-
mining a similarity to the image curve 402. Thus, as shown
by calculation 408, the distance equals the sum of the pixel
distances divided by the curve length in pixels. For the
illustrated example, the query curve 406 overlies two pixels
having a value of “0”, four pixels having a value of “1”, two
pixels having a value of “2”, two pixels having a value of
“3” and one pixel having a value of “5”. These pixel values
are added together and divided by the length of the query
curve 406 (“117) to arrive at the distance between the query
curve 406 and the image curve 402, which in the illustrated
example is equal to 1.73. The lower the distance value, the
closer the match between the query curve 406 and the image
curve 402.
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In addition, matching accuracy may be improved by
determining a symmetric Chamfer distance that considers
both the distance from the query curve to the image curve
and the distance from the image curve to the query curve.
The symmetric Chamfer Distance is given by:

. . . @
Distg p = E(DzstQﬁD + Distp )

To encode oriented information of a curve during the match-
ing, basic Oriented Chamfer Matching has been proposed as
follows:

©)

Distgp = minpepad,= 1% = %I,

oy

020 ge Q&by=0

where O is the set of quantified orientations.

However, a shortcoming of basic Oriented Chamfer
Matching is a lack of scalability. For example, to use
Oriented Chamfer Matching, it may be necessary to compare
a query sketch with all the images in a database and store the
corresponding distance maps for speeding up processing. To
illustrate this cost, suppose that there is a database with two
million images having a typical resolution of 500x375
pixels. Further, suppose that at least every 30 pixels produce
an edge point from statistical data using the boundary
detector, which means that a typical edge map has 6250
points. Thus, the storage used for two million images may
approach 58 GB, which is difficult to fit into a memory of a
conventional computing device. Moreover, in some imple-
mentations of Oriented Chamfer Matching, the memory
used may be at least 931 GB to store all the pre-computed
distance maps, which most common server computing
devices with 8 GB~32 GB memory would be unable to
handle. Furthermore, even if the memory usage was man-
ageable, the search time for searching such a large amount
of data would be far from acceptable for a real-time inter-
active search engine.

To avoid the above issues, some implementations herein
provide for efficient contour representation of images to
reduce the size of image features, thereby reducing the
memory storage used. For example, a salient curve discov-
ery scheme is disclosed herein and may be used to extract
the primary or salient curves from images, which greatly
reduces the memory cost. Further some implementations
also utilize an effective matching scheme to reduce the
computational search cost. For example a raw curve-based
matching process is disclosed herein which provides a
precise and efficient matching between a salient curve map
and a user’s sketch query. Some implementations may also
be adapted for a locality-sensitive curve indexing structure
to speed up the retrieval process. Moreover, as discussed
above, some implementations also take into account the
index solution when designing the image representation and
matching scheme so as to ensure that the entire framework
is scalable. Consequently, some implementations herein
have been able to achieve indexing of two million images to
support a sketch-based search system using less than 8 GB
of memory and having a real-time response of less than 2
seconds.

Example Indexing and Search Framework

FIG. 5 is a block diagram illustrating an example frame-

work 500 according to some implementations. Framework
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500 builds on the framework 100 described above, and
includes the indexing stage 102 and the search stage 104. In
these implementations, indexing component 108 may
include a down-sampling component 502, a boundary curve
component 504, a salient curve component 506, a color
detection component 508, and a text component 510. As will
be described additionally below, the down-sampling com-
ponent 502 is configured to reduce the size of the images 106
to reduce the storage used for the salient curves and other
data used for indexing and matching. The boundary curve
component 504 is configured to recognize boundary curves
as part of the technique herein for determining salient curves
of the images 106. The salient curve component 506 is
configured to recognize salient curves for the images 106,
i.e., those curves considered to most likely represent the
image contents. The color detection component 508 is
configured to create a color index 512 identifying one or
more dominant colors associated with each image 106.
Further, the text component 510 is configured to create a text
index 514 by identifying any tags or text associated with the
images 106.

In the search stage 104, the search engine 114 in these
implementations matching component 120 is further con-
figured to access color index 512 and/or text index 514 when
color or text query information is provided to further iden-
tify relevant images for presentation as results 122 and
feedback 124. For example, rather than merely providing a
sketch as an input, some implementations also provide for
submission of a text-based query and/or a color-based query
in addition to enabling submission of a sketch-based query.
Thus, a sketch/color/text input down-sampling component
may be submitted to the user interface component 116, and
any of these parameters (i.e., the sketch, the color, or the
text) may be interactively adjusted or refined by a user in
real time to obtain satisfactory search results.

Image Representation

Users are apt to draw major curves as sketch queries and
typically expect the resulting images to contain similar
major curves. The inventors herein have determined that
identifying and preserving the major curves of a natural
image and removing the inconspicuous or unimportant
curves not only reduces the memory cost for indexing the
images, but also improves matching precision. Conse-
quently, some implementations herein provide techniques
for identifying the major or salient curves in natural images
to enable the salient curves to be used in indexing and query
matching of the images. The salient curve identification
techniques disclosed herein may include the following three
features: 1) image down sampling without significant salient
curve loss, 2) boundary curve extraction, and 3) salient
curve extraction. The final salient curve representation not
only reduces memory cost, but also tends to closely corre-
spond to the human cognitive mechanism for visualizing an
object or scene.

Low Resolution Image Representation

The inventors herein have determined that it is not nec-
essary to employ full resolution or high definition images for
identifying the salient curves in a natural image. Accord-
ingly, the resolution of an image may be down-sampled or
otherwise reduced without affecting the salient curve iden-
tification techniques herein. This can reduce the total
memory usage for implementations herein, so as to better
manage the huge amount of data being indexed and
searched.

FIG. 6 is graph 600 illustrating the results of a study by
the inventors herein for determining an optimal level to
which an image’s resolution may be downgraded without
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significant salient curve loss. “Resolution” represents the
maximum length (L) of the image in pixels (i.e., the image
is down sampled until both the height and width of the image
are less than L, while maintaining the original height-to-
width aspect). “Error Rate” indicates the percentage for
which structures of the salient curves were unrecognizable
for each resolution. “Memory” represents the estimated
corresponding memory usage at each resolution for enabling
searching of two million images. Graph 600 shows that for
a resolution of [.=100, the error rate is 46 percent, while for
a resolution of .=200, the error rate drops to only 7 percent,
and for resolutions of L=300 and above, the error rate is
essentially zero. Thus, graph 600 illustrates that down sam-
pling an image from, e.g., L=500 to =200 provides a good
balance between salient curve loss and memory cost. Fur-
ther, when the maximum resolution is less than 1L=256,
according to some implementations, each salient curve coor-
dinate may be stored using only one byte, rather than two
bytes, which helps to significantly reduce the memory cost.
Consequently, an optimal resolution according to some
implementations may be between [.=200 and [.=256. For
example, by employing a resolution of L=200, some imple-
mentations herein reduce memory usage to 8 GB or less of
memory for enabling searching of 2 million images, which
is tolerable for conventional computing devices.

As discussed above with reference to FIG. 5, the down-
sampling component 502 may be used to down sample each
image 106 during the indexing stage 102 using any suitable
resolution reduction techniques. Thus, in preparation for the
salient curve identification process, the down-sampling
component 502 may be configured to reduce the resolution
of each image to a predetermined optimal resolution. In
some implementations, images having a resolution larger
than [.=256 pixels may have their resolutions reduced to a
maximum length L of less than or equal to 256 pixels. Of
course, for images already having a resolution less than the
predetermined maximum length [, down sampling is not
necessary. Following down sampling, the lower-resolution
images may then be provided to the boundary curve com-
ponent 504 for detection of object boundaries, as discussed
next.

Boundary Curve Representation

Some implementations herein employ a natural boundary
detector as part of boundary curve component 504 to extract
edges or boundaries of objects from an image for use in
identifying the salient curves of the image. Typically, a
boundary detector uses brightness, color and texture infor-
mation to accurately detect and localize object curves and
edges to distinguish the boundaries of objects in an image.
An example of a suitable boundary detector is described by
D. R. Martin, C. C. Fowlkes and J. Malik in “Learning to
detect natural image boundaries using local brightness,
color, and texture cues,” PAMI, 2004, although implemen-
tations herein are not limited to any particular method for
detecting object boundaries in images.

FIGS. 7A-7C illustrate an example of boundary curve
detection and salient curve identification according to some
implementations. FIG. 7A depicts an image 700 having a
goose 702 as a recognizable object. The goose 702 is
recognizable from a background 704 of the image 700 due
to differences in color, brightness and texture, such as are
indicated at locations 706 and 708.

FIG. 7B depicts a boundary curve representation 710 of
the image 700, as may be generated using boundary curve
component 504 using a boundary detector, such as that
mentioned above. Thus, the boundary curve component 504
receives an image and detects the raw boundary curves in the
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image based on the differences in color, brightness and
texture. To express the shape information of each boundary,
implementations herein also may contain local orientation
information of a boundary curve, denoted as 0e®, where ©
is the set of quantified orientations (in some examples
herein, there are six possible orientations for a curve, i.e., 30
degrees per bin). In the illustrated example, the boundary
curve representation 710 includes a plurality of curves
representing the background 704 and still maintains a rec-
ognizable representation of the goose 702, including loca-
tions 706 and 708.

Salient Curve Representation

Because users typically envision the major or salient
outlines of objects for which they are searching, some
implementations herein further refine the processed bound-
ary curve representation 710 by identifying salient curves
contained within the boundary curve representations of each
image. Thus, the salient curve component 506 may receive
the boundary curve representation 710 for each image from
the boundary curve component 504. The salient curve com-
ponent 506 then identifies the salient curves contained in the
image. Thus, some implementations herein assume that the
salient curves for each image are contained in the identified
raw boundary curves.

Various different techniques may be used to identify the
salient curves in an image. Some implementations herein
adopt a modified Connected Graph Algorithm to extract
continuous curves from the identified raw boundaries as the
salient curves. A difference between these implementations
and the classic Connected Graph Algorithm is that, when
determining whether two points are connected, the salient
curve component determines not only that the two points are
adjacent, but also determines that the two points have a
similar local orientation (i.e., in which the orientations of the
two points are the same or adjacent). The sets of connected
vertices or points determined by this algorithm are so-called
continuous curves. Among boundaries, long and continuous
curves typically belong to more salient objects. Accordingly,
some implementations herein filter out short curves having
a length less than a predetermined threshold. For example,
the threshold may be set to eliminate curves that have a
length “Ls” that is less than a predetermined threshold (e.g.,
40 pixels in some implementation, although other suitable
thresholds may also be used).

FIG. 7C depicts a salient curve representation 712 of the
salient curves identified from the image 700. In FIG. 7C,
short boundary curves (i.e., those less than the predeter-
mined threshold) have been completely filtered out, such as
is shown in the area encompassed by dashed circle 714. As
is evident from the salient curve representation 712, the
major curves of the goose 702 are still represented, such as
at locations 706, 708, while the boundary curves in the
background have been mostly removed. This salient curve
representation technique serves two purposes. First, it tends
to represent the typical cognitive mechanism of a person
when visualizing an object or scene. Second, it further
reduces the number of points for indexing. For instance, in
the example of two million images mentioned above, the
number of points for indexing is reduced from 2819 million
to 1001 million, and the corresponding memory cost is
reduced accordingly. Further, all of the above operations
may be processed offline in preparation for generating an
index for the images 106, which results in a highly respon-
sive search system, as the online calculation carried out in
response to a search query are minimized.
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Sketch Matching

With the proposed salient curve extraction scheme
described above, each image 106 may be converted into a set
of oriented points D, in which the set of points represent the
salient curves of the image. Each pixel or point peD is
represented by {x,, 6,}, where x,=(x,, y,) is the coordinate
of the point, and 6, is the quantified tangential direction of
the corresponding curve at x,,. A sketch received as a sketch
query input may be analyzed in real time and represented by
a similar set of oriented points @ in which each point
qeQ is represented by {x_, 0 }, where x =(x,, y,).
Locally Robust Chamfer Matching

Some implementations herein employ a locally robust
Chamfer matching approach for matching a sketch query
input with the salient curves in a database image. These
implementations are able to take into consideration both the
approximate position and shape of the curves in the sketch
query input, without requiring that the query sketch exactly
match with the salient curves at the same position. For
example, users typically may be tolerant of a little displace-
ment from where they position their input sketch relative to
the rest of the image, but they do care that the results
generally match the shape of their input sketch. Thus, some
implementations herein are designed to allow some local
displacement by employing a tolerance radius r to provide a
curve position tolerance. However, these implementations
may also ensure that the matched points generally have the
same orientation when carrying out curve shape matching.
Accordingly, for a point qe @ a Hit function may be defined
as follows:

1 ApeDllg-pll, =r& 6;=0,), )

Hitg_, =
-0(@) {0 otherwise.

Thus, this equation determines whether the points in the
sketch query match with those in a particular salient curve
within the tolerance radius r. In some implementations, the
tolerance radius r may be set to a suitable tolerance value,
such as between 2 and 10 pixels, although other suitable
tolerance radiuses may also be used to provide a tolerance
area or range of a predetermined number of oriented points
around the curve.

FIG. 8 depicts an example of generating a distance map
for a curve with a tolerance radius of r=2 while taking
orientation 0 into consideration. A curve map 800 includes
a horizontal line as a first curve portion 802 and a vertical
line as a second curve portion 804 of a curve 806. Conse-
quently, in the curve map 800 the first curve portion 802 and
the second curve portion 804 are adjacent but they have
different orientations, i.e., different directional components.
Therefore, first curve portion 802 and the second curve
portion 804 affect nearby points within the tolerance radius
in different directions or channels. A first binary distance
map 808 may be generated for the first curve portion 802 in
a first channel corresponding to the orientation of the first
curve portion 802. Similarly, a second distance binary map
810 may be generated for the second curve portion 804 in a
second channel corresponding to the orientation of the
second curve portion 804. These binary maps 808, 810 have
a number of pixels or points 812, 814 marked with an “X”
in the tolerance radius that overlap, i.e., have the same
position (x,, y,), but have different orientations 6,. For
example, in the first binary map 808, each of the points 812
has an orientation or direction that is same as the curve
portion 802 (i.e., horizontal or the radian equivalent). Fur-
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ther in the second binary map 810, each of the points 814 has
an orientation that is the same as the curve portion 804 (i.e.,
vertical or the radian equivalent). Thus, while the points 812,
814 have the same position (x,, y,), the orientation of these
points is different, and during matching, these points are
treated as different visual words. Therefore, points 816 in the
tolerance radius represented in the first binary map 808
make up a first subset of the oriented points that express the
curve 806, and points 818 represented in the second binary
map 810 make up a second subset of the oriented points that
express the curve 806. Further, while the distance maps of
FIG. 8 are described in the context of the query curve,
distance maps may be similarly generated for the curves
identified in the images 106.

The use of binary maps 808, 810 enables implementations
herein to take into consideration the directional orientation
of the points on a curve as well as the absolute position,
thereby increasing the accuracy of the matching process
over just matching absolute positions. For instance, a dis-

tance map M” may have N, channels, and each channel
may be represented as a binary map. For a point qe @ with
orientation 8, the point q only affects nearby points in the

channel M (?q with L, distance less than r. Points within the
tolerance radius r may be marked as “1”, and points outside
the tolerance radius r may be marked as “0”. By a simple
Breadth-First-Search algorithm, the generation of the dis-
tance map can be completed in a time complexity of Q(IDI).
Consequently, by binarizing the distance, the Chamfer dis-
tance is transformed into a kind of Chamfer similarity. Thus,

based on the distance map M?, implementations herein can
calculate a similarity between two curves, e.g., SIm@ _, D,
in linear time as:

1 ®)
Simgop = — ¥ M2 (x4, vg)
0P IQIQE% o Ja

Thus, a symmetric locally robust Chamfer similarity, i.e.,
taking into consideration both the similarity from @ to
D and also the similiarity from D to @, is given by:

. . . i ©)
Simg p = (Simg_p - Simg_,p)2

Structure-Sensitive Chamfer Similarity

When searching images, users may draw multiple indi-
vidual strokes as a sketch query input with the expectation
of finding some images having multiple objects. Often the
image database may lack exact matching results, and the
sketch query may be interpreted as applying to a single
object rather than multiple objects.

FIG. 9 illustrates an example in which a user submits a
sketch query 902 including sketches of two boxes 904, 906.
In some implementations, the system herein may return an
image A 908 and an image B 910 as part of the search results
in response to the sketch query 902. A salient curve map 912
of image A shows that image A has one part that closely
matches the box 904 of the sketch query 902, while a salient
curve map 914 of image B shows that image B has two parts
that match the sketch query 902, but with lower similarity to
either box 904 and box 906. Consequently, image A 908 has
the potential to be ranked higher than image B 910 in the
returned results. For instance, image A 908 may be ranked
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second in the results with a ranking score of 0.333, while
image B 910 may be ranked fourth in the results with a
ranking score of 0.259. However, from a user’s viewpoint,
image B 910 may be more in line with the expectations of
the user submitting the sketch query 902.

To address this possibility, some implementations herein
evaluate the matching similarity using a global view. In
these implementations, one sketch query may be treated as
multiple sub-queries, and the final score may then be a
combination of similarities from all the multiple sub-que-
ries. Initially, the stroke information recorded by the user
interface is able to provide a natural guide to divide the
sketch query into sub-queries, as users will rarely draw a
complex shape or multiple elements using a single stroke.
For example, in the case of sketch query 902, each of the
boxes 904, 906 are shown as being drawn using at least four
separate strokes each. Consequently, each stroke making up
the boxes 904, 906 can be treated as a sub-query.

Additionally, in the case in which a user does employ a
non-stop drawing technique, some implementations herein
may divide a non-stop sketch into several continuous curves
using the salient curve identification process described
above. According to these implementations, each continuous
curve having a length greater than a predetermined threshold
L, is treated as a sub-query, and continuous curves having
less than this threshold L, will be counted with the next
curve until the threshold is reached. For example, in some
implementations herein, the threshold L., may be one half of
the canvas size of the user interface, as described below,
although other suitable thresholds may also be used. For a
sketch map Q and its D components {Q |, @,, ..., Q »},
the structure-sensitive Chamfer matching similarity from
@ to D is given by:

L @]
Div

D D
sm@ﬁo=[rlsm@ﬁo]
i=1

In the example of FIG. 9, using implementations of the
structure sensitive matching similarity described above, it
may be seen that the rank of image A is 13th with a ranking
score of 0.188, while the rank of image B is improved to
2nd, with a ranking score of 0.258. The use of a geometric
average ensures that the global matching degree becomes
more dominant than local details, and the images returned as
the final results are closer to user expectations.

Scalable Sketch Indexing

Some implementations herein conduct a two-way match-
ing between a sketch query and a database image. The
inventors herein have determined that carrying out a two-
way matching process of matching a query to the database
and also matching the database to the query can produce
more accurate results than a one-way matching process. For
efficient database-to-query matching, some implementations
herein use the distance maps of the query curves and all
boundary features of the database images. On the other
hand, for query-to-database matching, some implementa-
tions herein use the raw query curves and all distance maps
of the database images, while other implementations per-
form a more efficient approximate query-to-database match-
ing.

Indexing for Database-to-Query Matching

FIG. 10 illustrates an example of an indexing scheme for
an index 1000 for database-to-query matching according to
some implementations. According to these implementations
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the oriented points identified from the salient curves are
considered as visual words to be matched in the index 1000.
The index 1000 is generated as an inverted list based on
using the oriented points (X, y, 0) as visual words 1002, so
that images that contain a particular oriented point in a
salient curve are associated with that particular oriented
point by an image identifier (ID) 1004. For example, sup-
pose that the user interface provides a 200x200 pixel panel
in which a user may draw a sketch query input. Further
suppose that the images have been down sampled to a
maximum resolution of 200x200 prior to identifying the
salient curves in each image. Consequently, in this imple-
mentation, there are 40,000 pixels in the sketch input panel,
each of which may have an orientation or direction. Further,
suppose that number of possible orientations is limited to six
orientations (i.e., 30 degree increments). Thus, in this
example, the database-to-query matching index 1000 would
have 240,000 possible visual words, or six visual words for
each pixel. Each image in the database has one or more
salient curves made up a plurality of oriented points.
Accordingly, during the offline indexing stage, each oriented
point on each of the salient curves of an image may be
matched to one of the visual words 1002 in the index 1000.
The image ID 1004 is then listed in the index 1000 as one
of the images corresponding to that visual word.

When conducting a search based on a received sketch
query input, a number of distance maps 1002-1,
1002-2, . . ., 1002-N, may be created for the sketch input,
such as the binary maps discussed above with reference to
FIG. 8, based on different orientations or channels of the
sketch query curve and taking into account a specified
tolerance radius. Consequently, when a sketch query input is
received as a search task, all the non-zero oriented points of
the sketch query distance maps (i.e., the X, y coordinates
together with the channel orientation) compose a collection
of visual words. The collection of visual words from the
sketch query is matched with the visual words 1002 serving
as the index entries in the index 1000. Inverted lists of image
IDs 1004 are retrieved and merged to generate a ranking list
according to the number of occurrences of each image ID
1004.

In some implementations herein the memory used for the
index 1000 was found to be approximately 3.7 GB for 2.1
million images, which is acceptable for conventional com-
puting devices. For example, each image ID may be stored
using four bytes, which allows for over four billion different
image IDs. Furthermore, the time complexity is Q(PeL),
where P is the number of non-zero points of the query
distance map and L is the average length of index entries. In
the example discussed above having 2.1 million images, the
maximum length of the index entries was found to less than
20000 entries. Thus, for each point in the distance map of the
sketch query, implementations scan at most 20 thousand
image 1Ds, rather than all of the 2.1 million images in the
database. In some implementations herein, a typical search
operation processing time has been observed to be less than
one second when matching a sketch query. The index
structure described herein inherently speeds up the search
process by automatically avoiding unmatched points in the
database.

The one-way Chamfer similarity matching process based
on the index 1000 described above may suffer from prob-
lems in which some sparse curve maps happen to closely
match a curve in the querying area. Consequently, the
corresponding images returned may be highly ranked
because all points in the curves will hit the distance map of
the sketch query, while other curves in the sketch query
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input are not present in the returned image because the
image is a sparse image. Accordingly, users may not be
satisfied with such results because they expect more of the
sketch query curves to be matched. Thus, according to some
implementations herein, these unsatisfactory results may be
filtered out by also performing a query-to-database match-
ing.

Indexing for Query-to-Database Matching

For query to database matching implementations herein
may construct an index similar to the index 1000 for the
distance maps of all database images. With a tolerance
radius r being 8 which is an acceptable tolerance value in
experiments, the total storage cost for such an index is about
44.7 GB, which cannot be handled by a common computing
device. Alternatively, if only the salient curves of database
images are indexed, and the distance map for each image is
generated online after the sketch query has been received,
the time complexity will be Q(M<R), where M is the total
number of points from all distance maps, and R is the
average expansion factor (up to 2r+1) from curve maps to
multiple binary distance maps. Typically this time cost will
be more than 100 seconds, and thus neither calculating
distance maps online, nor pre-storing them in the memory,
is manageable using conventional computing devices such
as single server. However, while the above-discussed two-
way indexing and matching scheme is currently not man-
ageable with many conventional computing devices, it can
be implemented on specially designed computing devices
having sufficient memory and/or parallel computing power.
Consequently, after obtaining the image ID lists retrieved
from database-to-query and query-to-database matching, the
final resulting image list may be easily calculated according
to Equation (6).

Efficient Indexing for Approximate Matching

Rather than requiring one or more specialized computing
devices for performing the full query-to-database indexing
and matching described above, some implementations
herein may use an approximate query-to-database matching
instead. According to these implementations, database-to-
query matching is used initially to determine the top N
candidate images. Then, distance maps are generated online
for the N candidate images. Equation (6) can then be used
to rank the N candidate images. Experiments by the inven-
tors herein have shown that this approach produces satis-
factory results. Consequently, the locality-sensitive curve
indexing framework provides an online system to efficiently
and precisely match sketch queries against millions of
images. For the example, with the 2.1 million-image data-
base described above, the total memory cost was made up of
two primary parts, namely, 3.7 GB for indexing, and 2.8 GB
containing the raw curve features for the online generation
of distance maps during the approximate query-to-database
matching, totaling 6.5 GB. The retrieval time was found to
be about one second in this example.

Multiple Indexes

As discussed above with reference to FIG. 5, some
implementations herein provide an interactive image search
system which consists of a backend indexing system and a
frontend sketch-based search interface. Further, some imple-
mentations enable users to search images by combining
sketches, text, and color in a query input. Therefore, the
indexing portion of implementations herein may provide a
combination of multiple different indexes.

In addition to the sketch-based search features discussed
herein, implementations may also extract and index color
features and text or tag features from images. If images have
text or tags associated with them, then utilizing such text or
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tags provides a convenient means for overcoming a semantic
gap between a sketch input and the results. Depending on the
types of images being indexed and the source of the images,
text and tags can be obtained in several different ways. For
user-generated images, most of which exist in photo forums
and photo-sharing websites, the photographers are likely to
label the photographs using one or more keywords. For
images in typical web pages and in other online sources, it
is possible to extract surrounding text by parsing the web
pages. Thus, the text-based index may be a typical keyword
search index, with images being associated with relevant
keywords by their image IDs.

Furthermore, for generating the color-based index, imple-
mentations herein may extract one or more dominant colors
from each image. In some implementations, the three most
dominant colors for each image are detected by computing
a color histogram in the HSV (hue, saturation, and value)
color space, although implementations herein are not limited
to any particular color space models. The color histogram
represents the distribution of the colors in an image such as
by representing the number of pixels that have colors in each
of a fixed list of color ranges that span the images’ color
space i.e., the set of possible colors. Furthermore, in some
implementations, when building the color histogram for an
image, the weight of each pixel may be penalized by its
distance to the center of the image. Therefore, an index of
colors can be created, with each image being associated with
at least one color in the index by the image ID.

Accordingly, to enable a real-time interactive image
search, implementations herein provide efficient indexing
structures for each of the sketch, text and color features.
Since all image features, i.e., sketch, text and dominant
colors may be represented by discrete “words”, implemen-
tations herein adopt inverted files to generate the indexes.
Given a query, which may consist of one or more of the three
possible query types, implementations herein compute a
score based on each of the three indexes, and may linearly
combine the three separate scores to obtain a final score. In
the example discussed above with 2.1 million images, the
total memory cost of the system including the three indexes
was found to be less than 7 GB.

User Interface

FIG. 11 is an example of a user interface 1100 according
to some implementations. In order to enable submission of
sketch query inputs, the user interface 1100 may support
multiple image elements as sketch queries to enable users to
express or refine their search intentions. User interface 1100
includes a query window 1102 for receiving a query, and a
results window 1104 for displaying the results of the query
to a user. The query window 1102 includes a toolbar 1106
and a query input interface 1108. The query input interface
1108 may include a canvas or input panel 1110 as an area
where users may express their ideas. In the illustrated
example, the input panel 1110 is a circular interface upon
which users may directly draw, freely drag elements onto it,
or type in text to construct a final query. Further, while a
circular input panel is shown in this example, the input panel
1110 is not limited to any particular shape, and may be
square, rectangular, etc. In some implementations, the input
interface 1108 may include an inner peripheral ring-shaped
color wheel 1112 that can be used for selecting a color to
include in the query. Additionally, in some implementations,
the input interface 1108 may include an outer peripheral
ring-shaped text wheel 1114 that contains various text tags
or keywords 1116 that may be dragged into the input panel
1110 for including one or more commonly used or recently
used keywords in the search query.
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The toolbar 1106 may include a variety of tools for
submitting queries, such as a draw tool 1118, and an erase
tool 1120, a text tool 1122, a color tool 1124, and a reset
button 1126. For example, the user may select the draw tool
1118 and use a mouse pointer 1128 to draw one or more lines
or curves 1130 on the input panel 1110 as a sketch query
input. The user may then click outside the input interface
1108, such as anywhere in the query window 1102 to submit
the curve 1130 as a sketch query. Alternatively, rather than
using a mouse pointer, in some implementations in which a
touch screen is available to the user, the user may use a
finger tip or stylus in place of the mouse pointer 1128 for
carrying out any of the interactions with the user interface
described herein. Additionally, the user may use the erase
tool 1122 to erase a portion of a drawn sketch. The text tool
1122 may be used to open a text block window for submit-
ting a text query along with a sketch query. The color tool
1124 may be used to open the color wheel for selecting a
color to be submitted with the sketch query, and the reset
button 1126 may be selected to reset the input interface 1108
to the default ready position for receiving new input.

The results window 1104 includes a display area 1132
which displays one or more images 1134-1, 1134-2, . . . |
1134-K as the results in response to a query. For example,
the results window may display the plurality of images 1134
arranged in one or more rows of images or image thumbnails
and as one or more pages that may be browsed through by
the user, with the number of images being returned in a
one-page being dependent on the displayed size of the image
1134. Typically the highest-ranked images are represented
first in order of rank from left to right. In some implemen-
tations, the user may drag one of the images 1134 from the
results window into the query window to view an enlarged
view of the image. To aid user navigation, the results
window may include a page indicator 1136, and a page
forward and page back control 1138.

FIG. 12 illustrates an example in which the user interface
1100 may be used to submit both a text query and sketch
query. In this example, the user may select the text tool 1122
with the mouse pointer 1128 and generate a text input block
1202 in the input panel 1110. The user may then type one or
more desired keywords or text tags in the text input block
1202 and submit a text query along with a sketch query
1130. According to some implementations herein, the order
of input does not make a difference. For example, the user
may first draw one or more sketch curves 1130, and then
type in a keyword, or the user may type in the keyword first,
and then draw in a curve and/or select a color. As another
example, the user may draw one or more curves 1130, enter
a keyword in text input block 1202, and then draw one or
more additional curves, such as for interactively refining the
sketch query in response to results displayed as feedback in
the results window 1104.

FIG. 13 illustrates use of the text will 1114 for entering
one or more predetermined keywords as text queries. For
example, the text wheel 1116 may be expanded inward as
shown in FIG. 13 to display a plurality of keywords 1116
arranged radially about the center of the input panel 1110.
The user may use pointer 1128, a finger, etc., to select and
drag one or more of the keywords 1116 on to the input panel
1110 for submitting the keyword 1116 as a text query. For
example, the keywords 1116 may be keywords that have
been recently entered by the user as input for text queries,
and/or may be keywords or tags selected from the text index
514, such as some of the more commonly occurring words
in the text index 514, or the like. When the user has selected
the keyword 1116 and dragged the keyword into the input
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panel 1110, the user may collapse the text wheel back to its
original configuration and input any additional query param-
eters such as drawing a sketch query and/or selecting a color
query.

FIG. 14 illustrates an example of selecting a color from
the color wheel 1112 for submission as a color query
according to some implementations. For example, the user
may expand the color wheel 1112 inward toward the center
of the input panel 1110 to more fully display the color wheel
1112. The color wheel may include a typical HSV type
continuous color display of a plurality of primary and
secondary colors, i.e. red, orange, yellow, green, blue, and
violet and, with rainbow-style color transition areas between
the primary and secondary colors. To select a color, the user
may use the mouse pointer 1128 to click on a color at a
desired location of the color wheel 1012. The user may then
drag a spot of the color 1402 into the input panel 1110 so that
the color selected for use in the color query remains appar-
ent. As mentioned above, the color may be selected before
or after other query inputs, such as text input or sketch input.
Further, the color may be changed interactively in response
to the results by merely selecting and dragging an alternative
color into the input panel 1110.

Example Indexing Process

FIG. 15 is a flow diagram of an example of an indexing
process 1500 according to some implementations herein. In
the flow diagram, the operations are summarized in indi-
vidual blocks. The operations may be performed in hard-
ware, or as processor-executable instructions (software or
firmware) that may be executed by one or more processors.
Further, the process 1000 may, but need not necessarily, be
implemented using the framework of FIG. 5.

At block 1502, the images being indexed are down
sampled to reduce the resolution of the images to a maxi-
mum predetermined resolution. According to some imple-
mentations, the images may be down sampled to have a
resolution of less than 256x256 pixels. For example, the
images may be down sampled to have a resolution in which
the maximum length of the image is equal to 200 pixels. In
some implementations, the maximum resolution of the
images may be the same as or related to the resolution of the
user interface input panel 1110.

At block 1504, the boundary curves for the image are
identified. For example, a boundary detector may be used to
detect the boundaries in the image based on differences in
color, texture, brightness, and the like.

At block 1506, the salient curves in the image are iden-
tified from the boundary curves. For example, the salient
curves may be identified based on a modified Connected
Graph Algorithm. Under the modified Connected Graph
Algorithm herein, two points are connected when the two
points are adjacent and also have a similar local orientation
or direction. The sets of connected vertices or points are
so-called continuous curves that are candidate salient
curves. Long and continuous curves typically belong to
more salient objects. Accordingly, some implementations
herein filter out short curves having a length less than a
predetermined threshold. For example, the threshold may be
set to eliminate curves have a length “Ls” that is less than 40
pixels, although other suitable thresholds may also be used.

At block 1508, the image index for database-to-query
matching is generated by relating the oriented points in the
salient curves of the images with the oriented points listed as
visual words in the index. Thus, for each oriented point
contained in a salient curve represented in image, the image
ID is associated with that visual word in the index. Addi-
tionally, in some implementations, a second image index is
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generated based on one or more distance maps created for
each image for use in query-to-database matching.

Atblock 1510, the color index is generated for the images.
This operation may be carried out before, during, or after the
generation of the sketch matching image index. The color
index is generated by creating a color histogram for each
image and identifying one or more dominant colors in each
image. In some implementations, the color index may be
generated using the down sampled images generated in
block 1502.

At block 1512, the text index is generated for the images.
This operation may be carried out before, during, or after the
generation of the sketch matching image index and/or the
color index. For example, the text index is generated by
detecting tags that have been provided with the images, or
by detecting text that is located with or associated with the
images, such as in a webpage.

Example Search Process

FIG. 16 depicts a flow diagram of an example of a
sketch-based image search process according to some imple-
mentations herein. In the flow diagram, the operations are
summarized in individual blocks. The operations may be
performed in hardware, or as processor-executable instruc-
tions (software or firmware) that may be executed by one or
more processors. Further, the process 1600 may, but need
not necessarily, be implemented using the framework of
FIG. 5.

At block 1602, a query input is received from a user. For
example, the query input may include any combination of a
sketch query input, a text query input, and/or a color query
input.

At block 1604, one or more curves in the sketch query are
identified and one or more distance maps are generated. For
example, a plurality of binary distance maps may be gen-
erated for representing different portions of each identified
curve having a different orientation. Further, the binary
distance maps may each include a specified tolerance radius
or value for providing a tolerance range of oriented points in
the area around the curve.

At block 1606, the oriented points in the one or more
distance maps are matched with the image index to perform
database-to-query matching. For example, each of the points
in the distance maps may be matched with the visual words
in the index to identify corresponding images having the
same points.

At block 1608, approximate query-to-database matching
is performed on the results of the database to query match-
ing. For example, the top N results may be selected and for
those top N images, distance maps may be generated. A
symmetric locally robust Chamfer similarity is then calcu-
lated based on the generated distance maps using equation
(6) set forth above to determine the rank for the top N
images. In other implementations, full query-to-database
matching is performed using the second image index gen-
erated from distance maps for each of the images.

Atblock 1610, if a text query was included with the query
received at block 1602, a text-based search is carried out on
the images in the database using the text index.

At block 1612, if a color query was included with the
query received at block 1602, a color-based search is carried
out on images in the database using the color index.

At block 1614, the scores of the results of the sketch
query, the text query, and the color query are combined to
generate total scores for each of the located images. In some
implementations, the scores of the three different query
types may be combined linearly.

10

15

20

35

40

45

55

20

At block 1616, the images having the highest scores are
returned as the results and displayed as feedback to the user
that submitted query. If the user is not satisfied with the
results displayed, the user may refine the query interactively
by adding curves to or removing curves from the sketch
query, modify the text query, and/or modify the color query.

Accordingly, implementations herein provide for sketch-
based image search with efficient curve matching and scal-
able indexing. The sketch-based image search system herein
enables real-time interactive sketch-to-image matching and
significantly outperforms existing sketch-based systems.
Furthermore, implementations herein provide indexing tech-
niques to enable indexing of huge quantities of images for
sketch based image search Implementations herein also
support multi-modality query inputs including sketch, text
and color so that users can more precisely formulate their
query intentions. Experimental results on different search
tasks have shown the effectiveness and efficiency of the
proposed framework.

Example System

FIG. 17 illustrates an example of a system 1700 for
carrying out sketch-based image searching according to
some implementations herein. To this end, the system 1700
includes one or more server computing device(s) 1702 in
communication with a plurality of client or user computing
devices 1704 through a network 1706 or other communica-
tion link. In some implementations, server computing device
1702 exists as a part of a data center, server farm, or the like,
and is able to serve as a component for providing a com-
mercial search website. The system 1700 can include any
number of the server computing devices 1702 in commu-
nication with any number of client computing devices 1704.
For example, in one implementation, network 1706 includes
the World Wide Web implemented on the Internet, including
numerous databases, servers, personal computers (PCs),
workstations, terminals, mobile devices and other comput-
ing devices spread throughout the world and able to com-
municate with one another. Alternatively, in another possible
implementation, the network 1706 can include just a single
server computing device 1702 in communication with one or
more client devices 1704 via a LAN (local area network) or
a WAN (wide area network). Thus, the client computing
devices 1704 can be coupled to the server computing device
1702 in various combinations through a wired and/or wire-
less network 1706, including a LAN, WAN, or any other
networking technology, using one or more protocols, for
example, a transmission control protocol running over Inter-
net protocol (TCP/IP), or other suitable protocols.

In some implementations, client computing devices 1704
are personal computers, workstations, terminals, mobile
computing devices, PDAs (personal digital assistants), cell
phones, smartphones, laptops, tablet computing devices, or
other computing devices having data processing capability.
Furthermore, client computing devices 1704 may include a
browser 1708 for communicating with server computing
device 1702, such as for presenting the user interface herein
to a user and for submitting a search query to the server
computing device 1702. Browser 1708 may be any suitable
type of web browser such as Internet Explorer®, Firefox®,
Chrome®, Safari®, or other type of software configured to
enable submission of a sketch-based query for a search as
disclosed herein.

In addition, server computing device 1702 may include
search engine 114 for responding to sketch-based search
queries received from client computing devices 1704.
Accordingly, in some implementations, search engine 114
may include user interface component 116 and matching
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component 120, as described above, for receiving sketch-
based queries and/or text queries and/or color queries. In
some implementations, user interface component 116 may
provide the user interface described herein as a webpage
able to be viewed and interacted with by the client comput-
ing devices through browsers 1708. In other implementa-
tions, browsers 1708 may have an add-in or similar user
interface component for generating the user interface 1100
disclosed herein. Other variations will also be apparent in
view of the disclosure herein.

Additionally, one or more indexing computing devices
1710 having indexing component 108 may be provided for
carrying out the indexing stage 102 disclosed herein. In
some implementations, indexing computing device 1710
may be the same computing device as server computing
device 1702; however, in other implementations, indexing
computing device(s) 1710 may be part of an offline web
crawling search facility that indexes images available on the
Internet. Thus, in some implementations images 106 are
stored multiple websites on the Internet. However, in other
implementations, images 106 are stored in a database acces-
sible by server computing device 1702 and/or indexing
computing device 1708. As discussed above, indexing com-
ponent 108 generates one or more indexes 1712 for the
images 106, such as the image index 110 for sketch-based
search if the images 106, the text index 514 for text-based
search of the images, and the color index 512 for color-based
search of the images.

Furthermore, while an example system architecture is
illustrated in FIG. 17, other suitable architectures may also
be used, and that implementations herein are not limited to
any particular architecture. For example, in some implemen-
tations, indexing component 108 may be located at server
computing device 1702, and indexing computing device
1710 may be eliminated. Other variations will also be
apparent to those of skill in the art in light of the disclosure
herein.

Example Server Computing Device

FIG. 18 illustrates an example configuration of a suitable
computing system environment for server computing device
1702 and/or indexing computing device 1710 according to
some implementations herein. Thus, while the server com-
puting device 1702 is illustrated, the indexing computing
device 1710 may be similarly configured. Server computing
device 1702 may include at least one processor 1802, a
memory 1804, communication interfaces 1806 and input/
output interfaces.

The processor 1802 may be a single processing unit or a
number of processing units, all of which may include single
or multiple computing units or multiple cores. The processor
1802 can be implemented as one or more mMiCroprocessors,
microcomputers, microcontrollers, digital signal processors,
central processing units, state machines, logic circuitries,
and/or any devices that manipulate signals based on opera-
tional instructions. Among other capabilities, the processor
1802 can be configured to fetch and execute computer-
readable instructions or processor-accessible instructions
stored in the memory 1804, mass storage devices 1812, or
other computer-readable storage media.

Memory 1804 is an example of computer-readable stor-
age media for storing instructions which are executed by the
processor 1802 to perform the various functions described
above. For example, memory 1804 may generally include
both volatile memory and non-volatile memory (e.g., RAM,
ROM, or the like). Further, memory 1804 may also include
mass storage devices, such as hard disk drives, solid-state
drives, removable media, including external and removable

10

15

20

25

30

35

40

45

55

60

65

22

drives, memory cards, Flash memory, floppy disks, optical
disks (e.g., CD, DVD), storage arrays, storage area net-
works, network attached storage, or the like, or any combi-
nation thereof. Memory 1804 is capable of storing com-
puter-readable, processor-executable program instructions
as computer program code that can be executed on the
processor 1802 as a particular machine configured for car-
rying out the operations and functions described in the
implementations herein.

Memory 1804 may include program modules 1810 and
data 1812. Program modules 1810 may include the search
engine 114 and other modules 1814, such as an operating
system, drivers, and the like. As described above, search
engine 114 may include the user interface component 116
and the matching component 120, which can be executed on
the processor 1802 for implementing the functions described
herein. In some implementations, memory 1804 may also
include the indexing component 108 for carrying out the
indexing functions herein, but in other implementations,
indexing component 108 is executed on a separate indexing
computing device. Additionally, data 1812 may include the
indexes 1710, such as the image index 110, the color index
512 and the text index 514. Data 1812 may also include
other data 1816 for use in server operations, such as data for
providing a search website, and so forth.

The server computing device 1702 can also include one or
more communication interfaces 1806 for exchanging data
with other devices, such as via a network, direct connection,
or the like, as discussed above. The communication inter-
faces 1806 can facilitate communications within a wide
variety of networks and protocol types, including wired
networks (e.g., LAN, cable, etc.) and wireless networks
(e.g., WLAN, cellular, satellite, etc.), the Internet and the
like.

Example Client Computing Device

FIG. 19 illustrates an example configuration of a suitable
computing system environment for client computing device
1704 according to some implementations herein. client
computing device 1704 may include at least one processor
1902, a memory 1904, communication interfaces 1906, a
display device 1908, input/output (1/0) devices 1910, and
one or more mass storage devices 1912, all able to commu-
nicate through a system bus 1914 or other suitable connec-
tion.

The processor 1902 may be a single processing unit or a
number of processing units, all of which may include single
or multiple computing units or multiple cores. The processor
1902 can be implemented as one or more miCroprocessors,
microcomputers, microcontrollers, digital signal processors,
central processing units, state machines, logic circuitries,
and/or any devices that manipulate signals based on opera-
tional instructions. Among other capabilities, the processor
1902 can be configured to fetch and execute computer-
readable instructions or processor-accessible instructions
stored in the memory 1904, mass storage devices 1912, or
other computer-readable storage media.

Memory 1904 and mass storage devices 1912 are
examples of computer-readable storage media for storing
instructions which are executed by the processor 1902 to
perform the various functions described above. For example,
memory 1904 may generally include both volatile memory
and non-volatile memory (e.g., RAM, ROM, or the like).
Further, mass storage devices 1912 may generally include
hard disk drives, solid-state drives, removable media,
including external and removable drives, memory cards,
Flash memory, floppy disks, optical disks (e.g., CD, DVD),
storage arrays, storage area networks, network attached
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storage, or the like, or any combination thereof. Both
memory 1904 and mass storage devices 1912 may be
collectively referred to as memory or computer-readable
storage media herein. Memory 1904 is capable of storing
computer-readable, processor-executable program instruc-
tions as computer program code that can be executed on the
processor 1902 as a particular machine configured for car-
rying out the operations and functions described in the
implementations herein. Memory 1904 may include browser
1708 for enabling a user to submit a sketch-based query. For
example, browser 1708 may display user interface 1100 as
a web page on display device 1908 for receiving search
queries, as described above. Alternatively, in other imple-
mentations, memory 1904 may include at least a portion of
user interface component 116 for generating the user inter-
face 1100 on display device 1908.

The client computing device 1704 can also include one or
more communication interfaces 1906 for exchanging data
with other devices, such as via a network, direct connection,
or the like, as discussed above. The communication inter-
faces 1906 can facilitate communications within a wide
variety of networks and protocol types, including wired
networks (e.g., LAN, cable, etc.) and wireless networks
(e.g., WLAN, cellular, satellite, etc.), the Internet and the
like.

The display device 1908, such as a monitor, display, or
touch screen, may be included in some implementations for
displaying the user interface 1918 and/or an input image to
a user. I/O devices 1910 may include devices that receive
various inputs from a user and provide various outputs to the
user, such as a keyboard, remote controller, a mouse, a
camera, audio devices, and so forth. In the case in which
display device 1908 is a touchscreen, the display device
1908 can act as input device for submitting queries, as well
as an output device for displaying results.

The example environments, systems and computing
devices described herein are merely examples suitable for
some implementations and are not intended to suggest any
limitation as to the scope of use or functionality of the
environments, architectures and frameworks that can imple-
ment the processes, components and features described
herein. Thus, implementations herein are operational with
numerous environments or applications, and may be imple-
mented in general purpose and special-purpose computing
systems, or other devices having processing capability.

Additionally, the components, frameworks and processes
herein can be employed in many different environments and
situations. Generally, any of the functions described with
reference to the figures can be implemented using software,
hardware (e.g., fixed logic circuitry) or a combination of
these implementations. The term “engine,” “mechanism” or
“component” as used herein generally represents software,
hardware, or a combination of software and hardware that
can be configured to implement prescribed functions. For
instance, in the case of a software implementation, the term
“engine,” “mechanism” or “component” can represent pro-
gram code (and/or declarative-type instructions) that per-
forms specified tasks or operations when executed on a
processing device or devices (e.g., CPUs or processors). The
program code can be stored in one or more computer-
readable memory devices or other computer-readable stor-
age devices or media. Thus, the processes, components and
modules described herein may be implemented by a com-
puter program product.

Although illustrated in FIG. 18 as being stored in memory
1804 of server computing device 1702, search engine 114
and indexing component 108, or portions thereof, may be
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implemented using any form of computer-readable media
that is accessible by server computing device 1702 and/or
indexing computing device 1710. Computer-readable media
may include, for example, computer storage media and
communications media. Computer storage media is config-
ured to store data on a non-transitory tangible medium,
while communications media is not.

Computer storage media includes volatile and non-vola-
tile, removable and non-removable media implemented in
any method or technology for storage of information, such
as computer readable instructions, data structures, program
modules, or other data. Computer storage media includes,
but is not limited to, RAM, ROM, EEPROM, flash memory
or other memory technology, CD-ROM, digital versatile
disks (DVD) or other optical storage, magnetic cassettes,
magnetic tape, magnetic disk storage or other magnetic
storage devices, or any other medium that can be used to
store information for access by a computing device.

In contrast, communication media may embody computer
readable instructions, data structures, program modules, or
other data in a modulated data signal, such as a carrier wave,
or other transport mechanism.

Furthermore, this disclosure provides various example
implementations, as described and as illustrated in the
drawings. However, this disclosure is not limited to the
implementations described and illustrated herein, but can
extend to other implementations, as would be known or as
would become known to those skilled in the art. Reference
in the specification to “one implementation,” “this imple-
mentation,” “these implementations™ or “some implemen-
tations” means that a particular feature, structure, or char-
acteristic described is included in at least one
implementation, and the appearances of these phrases in
various places in the specification are not necessarily all
referring to the same implementation.

CONCLUSION

Implementations herein provide an interactive real time
sketch-based search system. Further, some implementations
enable indexing of huge quantities of images. Additionally,
some implementations provide a user interface that allows
users to flexibly formulate queries using any combination of
sketch inputs, text inputs and color selection inputs.

Although the subject matter has been described in lan-
guage specific to structural features and/or methodological
acts, the subject matter defined in the appended claims is not
limited to the specific features or acts described above.
Rather, the specific features and acts described above are
disclosed as example forms of implementing the claims.
This disclosure is intended to cover any and all adaptations
or variations of the disclosed implementations, and the
following claims should not be construed to be limited to the
specific implementations disclosed in the specification.
Instead, the scope of this document is to be determined
entirely by the following claims, along with the full range of
equivalents to which such claims are entitled.

The invention claimed is:

1. A system comprising:

a processor in communication with computer-readable

storage media;

a down-sampling component to reduce resolution of a
plurality of images to generate a plurality of down-
sampled images;

an index maintained in the computer-readable storage
media, the index comprising a first set of direction-
oriented points associated with a subset of image
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curves detected for the plurality of down-sampled
images, individual of the direction-oriented points
specifying a position of a particular point of an image
and a direction from which an associated image curve
passes the position, wherein the subset of image curves
for a particular down-sampled image includes one or
more salient curves identified by filtering the image
curves detected for the particular down-sampled image
to remove image curves having a length less than a

26

wherein the matching component is further configured for
identifying the down-sampled images based at least in
part on matching a color specified by the color query
input with the color index.

7. The system of claim 1, further comprising:

a text index maintained in the computer-readable storage
media, the text index providing a plurality of keywords
as text index entries, wherein one or more down-
sampled images of the plurality of down-sampled

predetermined threshold; 10 . . - .
. . images are associated with at least one text index entry
a user interface component to receive a query curve as a based at least i d din th
search query input; and ased at least 1n.part on text detected 1n the one or more
a salient curve component to: down-.sampled 1Mages; .
determine that a length of the query curve is above a wherein the user interface component is further con-
threshold length; and 15 figured to receive a text query input; and
in response to determining that the length of the query Wherelg th? matching component 15 further configured er
curve is above the threshold length, divide the query identifying the.down-sampled 1mages baseq at least in
curve into a plurality of sub-query curves, each of the part on matching the text query input with the text
plurality of sub-query curves being treated as the index.
sketch query input. 20 8. A method comprising:
2. The system according to claim 1, further comprising: receiving a first continuous curve;
a matching component, maintained in the computer-read- receiving a second continuous curve;
able storage media and executed on the processor, for determining that a length of the first continuous curve is
matching a subset of a second set of direction-oriented less than a threshold length; and
points based at least in part on the query curve with the 25 in response to the determining that the length of the first
first set of direction-orienteq points associateq with the continuous curve is less than the threshold length,
plurality of down-sampled images, the matching com- including the first continuous curve with the second
ponent configured for identifying images of the plural- continuous curve to create a query curve as a sketch
ity of down-sampled images based at least in part on the : .
. . . query 1nput;
matching, wherein the matching component generates 30

a distance map for the query curve, the distance map
representing the query curve as the second set of
direction-oriented points.

3. The system according to claim 2, wherein the distance

identifying a first plurality of direction-oriented points
based at least in part on the query curve, wherein each
direction-oriented point of the first plurality of direc-
tion-oriented points specifies a position of a particular
point of the sketch query input and a direction from

map generated for the query curve includes a tolerance value 35
that specifies a predetermined range of oriented points in an
area around the query curve to be used in the matching.

which the query curve passes the position; and
using, by a processor, the first plurality of direction-

4. The system according to claim 1, wherein:
the user interface component is configured to receive at

oriented points to locate at least one down-sampled
image having a salient curve that includes a second

least one of a text-based query or a color-based query 40 plurality of direction-oriented points that match a por-
in conjunction with the query curve as the search query tion of the first plurality of direction-oriented points
input; and based at least in part on the query curve, wherein one
the matching component is configured to identify one or or more salient curves for a particular down-sampled
more additional images based on at least one of the image are identified by filtering image curves detected
text-based query or the color-based query, and combine 45 for the particular down-sampled image to remove

a ranking score of the one or more additional images
with a ranking score of a plurality of images identified
based on the query curve to identify a plurality of

image curves having a length less than a predetermined
threshold.
9. The method according to claim 8, wherein a plurality

ranked images as a search result.

5. The system according to claim 1, further comprising an 50
indexing component for generating the index based, at least
in part, on the plurality of down-sampled images, the
indexing component generating the index by relating the
first set of direction-oriented points with image identifiers
based at least in part on the one or more salient image 55
curves.

6. The system of claim 1, further comprising:

a color index maintained in the computer-readable storage
media, the color index providing a plurality of colors as
color index entries, wherein one or more down- 60
sampled images of the plurality of down-sampled
images are associated with at least one color index
entry based at least in part on one or more dominant

of down-sampled images is located based on the first plu-
rality of direction-oriented points, the method further com-
prising:

generating one or more distance maps for image curves in

individual down-sampled images of the plurality of
down-sampled images;

calculating a similarity between the query curve and the

generated distance maps; and

ranking the individual down-sampled images of the plu-

rality of down-sampled images based at least in part on
the calculated similarity.

10. The method according to claim 8, wherein a first
plurality of images is located in a database of images based
on the first plurality of direction-oriented points, the method
further comprising:

colors detected in the one or more down-sampled

images;

wherein the user interface component is further con-
figured to receive a color query input; and

matching the query curve with distance maps generated
for image curves identified in individual images in the
database of images to obtain a second plurality of
images; and
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identifying a third plurality of images from the first
plurality of images and the second plurality of images
as results in response to the sketch query input.

11. The method according to claim 8, wherein identifying
a first plurality of direction-oriented points based on the
query curve further comprises generating one or more
distance maps for the query curve, each distance map
representing a curve portion having a determined direction,
the distance map identifying a subset of the first plurality of
direction-oriented points having the determined direction,
the distance map including a tolerance radius in an area
around the curve portion for identifying a group of direction-
oriented points in a vicinity of the curve included in the first
subset.

12. The method according to claim 8, further comprising:

determining that a length of the query curve is above a

threshold length; and

in response to determining that the length of the query

curve is above the threshold length, dividing the query
curve into a plurality of sub-query curves, each of the
plurality of sub-query curves being treated as the sketch
query input.

13. The method according to claim 12, wherein the
dividing is based at least in part on distinguishable strokes
made when drawing the query curve.

14. The method according to claim 8, wherein using the
first plurality of direction-oriented points to locate at least
one down-sampled image further comprises employing an
index including the second plurality of direction-oriented
points as index entries associated with a plurality of down-
sampled images based on the images containing salient
curves having corresponding direction-oriented points.

15. The method according to claim 14, further comprising
generating the index to include the second plurality of
direction-oriented points as index entries, wherein the sec-
ond plurality of direction-oriented points corresponds to
points of resolution of an input panel of a user interface
configured for receiving a sketched curve as the query curve.

16. The method according to claim 8, further comprising:

providing the at least one located down-sampled image as

feedback in response to the sketch query input;
receiving a modification to the query curve;

providing different images as feedback in response to the

modification to the query curve.
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17. One or more computer storage media storing com-
puter-executable instructions that, when executed on one or
more processors, cause the one or more processors to
perform acts comprising:
receiving a query curve as a sketch query input;
determining that a length of the query curve is greater than
a threshold;

in response to determining that the length of the query
curve is greater than the threshold, identifying a first
portion of the query curve as a first query curve and a
second portion of the query curve as a second query
curve;

identifying a first plurality of direction-oriented points

based at least in part on the first query curve, wherein
each direction-oriented point of the first plurality of
direction-oriented points specifies a position of a par-
ticular point of the sketch query input and a direction
from which the first query curve passes the position;
and

identifying a down-sampled image having a salient curve

that includes a second plurality of direction-oriented
points that match a subset of the first plurality of
direction-oriented points, wherein one or more salient
curves for the down-sampled image are identified by
filtering image curves detected for the down-sampled
image to remove image curves having a length less than
a predetermined threshold.

18. The one or more computer storage media of claim 17,
wherein the first plurality of direction-oriented points cor-
respond to points of resolution of an input panel of a user
interface configured to receive a sketched curve as the query
curve.

19. The one or more computer storage media of claim 17,
wherein the acts further comprise:

receiving at least one of a text-based query or a color-

based query in conjunction with the query curve as the
search query input;

identifying one or more additional images based on at

least one of the text-based query or the color-based
query; and

combining a ranking score of the one or more additional

images with a ranking score of a plurality of images
identified based on the query curve to identify a plu-
rality of ranked images as a search result.
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